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Table 9. Tests for Difference Between KB Borrowers and Nonborrowers 

Variable KB 
member, 
mean 

Nonmember, 
mean  

Difference 
 

Amount of land owned, acres 18.53 11.72 6.81*** 
Operated amount of land (area self-
cultivated + area leased in), acres 

20.79 14.45 6.33*** 

Agricultural sales to third parties, rupees 31991.08 19041.94 12949.13*** 
Value of farm equipment owned, rupees 16606.3 6537.228 10069.07*** 
Consumer durable assets, rupees 207931.1 184461.6 23469.48** 
Value of livestock  45309.37 34910.87 10398.49*** 
Total sales of non-agricultural 
enterprises, rupees  

46736.95 30761.24 15975.71*** 

Profits from non-agricultural enterprises, 
rupees 

16130.79 11680.71 4450.08*** 

Monthly consumption expenditures per 
capita, rupees 

1916.616 1810.916 105.69* 

Monthly non-food consumption 
expenditures per capita, rupees 

825.28 735.37 89.90* 

Note: ***, **, and * denote 1, 5, and 10% significance levels, respectively. 

As KB borrowers in the sample appear to be initially wealthier than the control group, the 
nonborrowers, if we run a naïve regression and estimate impact of borrowing from the KB on 
different wealth indicators, we are very likely to overestimate the impact of microfinance.  

In the case of the previous KB study, Montgomery (2005) drew causal linkages in part based 
on the assumption that the survey design would minimize the selection bias. In this study we 
use the PSM method to address the selectivity bias and reassess the impacts on key 
parameters of household well-being.  

V. ESTIMATION STRATEGY 

The PSM method has been specifically designed to assist researchers in drawing causal 
inferences in observational studies. The propensity score is a conditional probability that an 
individual is assigned to the treatment group (Rosenbaum and Rubin, 1983). Generally, it is 
estimated by using probit (or logit) regression with the covariates collected from the 
participants as X and participant’s status on the treatment variable as Y (Rosenbaum, 1987). 
The covariates in the probit model are non-treatment variables such as the participant’s 
background characteristics. The estimated propensity score abstracts the information of 
these covariates. Using such estimated propensity scores, a researcher can match a 
participant from the treatment group with a participant from the control group to facilitate 
causal inference. 

The use of PSM methods in economics is relatively new. Previous papers include Heckman 
et al. (1998), Friedlander, et al. (1997), and Dehejia and Wahba (2002). As Dehejia and 
Wahba (2002) point out, PSM can be invaluable for cross-sectional survey data. In such a 
setting, resurveying thousands of units at a later date might be costly, making data on the 
outcome variable for a comparison group difficult to obtain. An important feature of this 
method is that, after units are matched, the unmatched comparison units are discarded and 
not directly used in estimating the treatment impact.  

Using the propensity score, a researcher can match participants from the treatment group 
with participants from the control group, so that the treatment group and control group can 


